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Testing the Level of Service
Inventory–Revised (LSI-R)
for Racial/Ethnic Bias
Kevin W. Whiteacre
Salvation Army Correctional Services Program, Chicago

In corrections, the use of objective offender risk classification instruments is increasing.
Some observers have raised concerns that these instruments might overclassify poor and
minority offenders, but there is little research to support these claims. Using contingency
tables to compare risk categories and program performance, this study examines the
Level of Service Inventory–Revised for racial/ethnic differences in classification errors
at a large federal community corrections center in the United States. The study found a
tendency toward more classification errors for African Americans than Caucasians or
Hispanics, though the types and rates of errors were dependent on the choice of the cutoff
score and the performance measure to be predicted. These findings highlight the need for
correctional facilities to conduct local tests of their classification instruments. The study
provides an easy and practical model for such tests.

Keywords: offender classification; race; risk assessment

Literature

Correctional professionals are increasingly using empirically based offender as-
sessment or classification instruments as a component of their program operations. A
national study of probation and parole agencies found that 75% of the departments
surveyed used standardized and objective classification instruments (Hubbard, Travis,
& Latessa, 2001). A more recent survey by the National Institute of Corrections
(2003) found that all but two of the 73 community corrections agencies surveyed con-
ducted some type of offender assessment. Assessment instruments are used primarily
for predicting the risk of disciplinary infractions and recidivism, assessing offenders’
needs, and evaluating the impact of rehabilitative programming (Raynor, Kynch, Rob-
erts, & Merrington, 2000).

Use of these instruments has been spurred by concerns over program accountabil-
ity, arbitrary staff decision making, resource allocation, and the need to identify what
works in corrections. Earlier subjective classification systems relied heavily on the
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judgment and expertise of staff, but such systems have proven inconsistent, often
resulting in biased and arbitrary assessments (Alexander, 1986; Bonta & Motiuk,
1990). Objective instruments help standardize staff classifications and produce more
consistent and fair decisions. Comparisons between statistical versus practitioner or
expert judgments have consistently found across fields (corrections, medicine, psy-
chiatry, biology, etc.) that statistical instruments generally outperform human judg-
ments (Austin, 1993; Brennan, 1993).

Despite the growing popularity of standardized assessment instruments, some
observers have raised a number of concerns. Foremost is the lack of local validation
studies. Oftentimes agencies simply adopt preexisting assessment instruments with-
out conducting basic follow-up analyses to ensure the instrument performs validly for
their populations (Austin, 1986; Wright, Clear, & Dickson, 1984).

There is a profound naivete among prison managers when it comes to these “new” classi-
fication systems. With many models available on the market today, many states have
bought the most promoted model without really understanding how it operates mechani-
cally or its impact on staff and inmates. (Austin, 1986, pp. 304-305)

Silver and Miller (2002), meanwhile, argue that the use of classification instruments
designed primarily to facilitate efficient institutional management may divert attention
away from the social and political causes of street crime. These assessment instru-
ments, moreover, may be fueling a shift in social control away from rehabilitation and
deterrence toward increasing surveillance and incapacitation of high-risk groups
(Silver & Miller, 2002).

Other objections to risk assessment instruments include the following: (a) Classifi-
cation based on prediction unfairly punishes people for crimes they have not yet com-
mitted and might not commit; (b) many of the variables that go into risk classification,
such as employment and education, are essentially class-based variables that, in effect,
discriminate against the poor; and (c) many of the prediction variables are associated
with race and may discriminate against minorities (Smykla, 1986).

These objections point to the concerns over the accuracy of the instruments and the
possibility that some classification instruments may differentially over- or under-
classify certain groups of offenders. Assessment instruments are vulnerable to two
types of error. False positives, overclassification errors, are cases predicted to be high
risk but that exhibit no problem behavior. False negatives, underclassification errors,
are cases predicted to be low risk but that do exhibit problematic behavior (Silver &
Miller, 2002; Smykla, 1986). A high rate of overclassification errors means low-risk
offenders will receive unnecessary limitations on privileges and freedoms, violating
the ideal of least restrictive alternatives and wasting limited resources. A high rate of
underclassification errors, on the other hand, means high-risk offenders will not be
subjected to restrictions that might be necessary to reduce the risk of unwanted behav-
iors, potentially endangering others.

No instrument can predict with 100% accuracy, so both false positives and false
negatives are expected. For an instrument to be fair, however, there should be no dif-
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ference in the error rates among different groups. In other words, the rates for false
positives and false negatives should be similar among different groups, such as males
and females or minorities and nonminorities. African Americans should not be
overclassified more than Caucasians, nor women more than men.

Critics point out that many risk assessment instruments have been developed and
validated with Caucasian males, leading some to question the utility of these tools for
women and non-Caucasian populations (Bloom, Owen, & Covington, 2003). Studies
have in fact found that many classification systems tend to overclassify women
offenders (Burke & Adams, 1991; Fowler, 1993).

The socioeconomic nature of some classification items (e.g., employment status
and educational achievement) has led to similar concerns over the potential for class or
racial bias. Unfortunately, there is a dearth of empirical research on the subject. Two
different studies from Canada that do address this problem failed to find evidence of
racial bias in the classification instruments under study. Bonta’s (1989) analysis of the
Level of Supervision Inventory (LSI) found that LSI total scores did not differ signifi-
cantly between Native and non-Native offenders.1 The study did, however, find racial
differences in the predictive validity of different LSI components. Scores on the finan-
cial and accommodations components predicted parole violation and future incarcera-
tion for non-Natives but not for Natives, whereas the alcohol and drug abuse compo-
nent predicted parole outcomes for Natives but not for non-Natives (Bonta, 1989).

A later study of Manitoba’s Risk-Needs scale followed 903 offenders for 3 years
after termination of probation (Bonta, LaPrarie, & Wallace-Capretta, 1997). The
researchers similarly found that overall instrument scores shared similar predictive
validities (as measured by Pearson correlation coefficients), but the predictive validity
of individual component scores differed. The limited research coupled with the poten-
tial costs of bias in classification highlights the need for administrators and research-
ers to evaluate current classification instruments.

Although these studies are a useful start to addressing possible bias in classifica-
tion, the use of Pearson’s r to assess the relationship between outcome and assessment
score presents two methodological concerns. First, although a Pearson correlation
provides the magnitude, direction, and statistical significance of a relationship, it does
not distinguish between underclassifications and overclassifications. For instance, if
an instrument predicts outcomes equally well for two different racial groups but tends
to error on the side of overclassification for one group and underclassification for the
other, the Pearson scores would still be the same for both groups, all else held constant.
The practical outcomes for each group, however, would be substantially different.

Second, Pearson’s r is a measure of association for ratio variables. In practice, clas-
sification instruments are not used as ratio measures. Their very purpose is to take all
participants’scores that fall along a linear scale and classify them into a few more use-
ful ordinal categories. Ratio correlations, therefore, cannot adequately reflect how the
classifications and categories are actually working in practice.

A simple 2 × 2 contingency table, as suggested by Brennan (1993), however, can
quickly and usefully show the numbers and rates of false positives, false negatives,
true positives, and true negatives for a specified risk category. Furthermore, the rela-
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tively straightforward simplicity of the contingency table facilitates easy use by both
administrator and researcher alike. This study, therefore, uses a contingency table to
test for differences in classification errors among African American, Caucasian, and
Hispanic residents at a federal community corrections center (CCC). The classifica-
tion instrument under analysis is the Level of Service Inventory–Revised (LSI-R).

The LSI-R

The LSI-R was originally developed in Canada through collaboration among aca-
demics, correctional psychologists, and probation staff as a means to systematically
integrate risk and needs information for offender treatment planning and for assigning
levels of freedom and supervision (Andrews & Bonta, 1995). It consists of 54 items
grouped into 10 psychological, sociological, and legal subcomponents that draw on
the recidivism literature and the professional opinions of probation officers (Andrews
& Bonta, 1995).

Research has demonstrated LSI-R scores to be predictive of correctional program
performance and postrelease recidivism (Andrews & Bonta, 1995; Bonta & Motiuk,
1985, 1990), and it has proven more predictive than many other classification systems
used in correctional institutions (Motiuk, Bonta, & Andrews, 1986). Studies have fur-
ther established both the LSI-R’s reliability (Andrews & Bonta, 1995; Bonta &
Motiuk, 1985) and validity (Andrews, Kiessling, Mickus, & Robinson, 1986;
Simourd & Malcolm, 1998), but analyses of overclassification rates are rare.

Method

Setting

The CCC is a large federal residential work release facility in a midwestern metro-
politan area. It has bed space for more than 170 residents. A resident’s stay can last
from a few months to more than a year. The average stay is 12.2 weeks (Mdn = 11.0).
CCC monitors residents’movements in and out of the center and provides a number of
services including drug aftercare, skills building for job interviews, and chaplaincy
services.

Case managers oversee a resident’s progress through the center from intake to
release. During the intake for a new resident, the case manager undertakes a compre-
hensive assessment of the resident’s strengths, needs, and criminogenic risk factors.
This process includes an intake medical review and employment history and the
administration of the LSI-R and completion of other forms. Administration or com-
pletion of the LSI-R generally takes place during an interview between the case man-
ager and resident. The LSI-R is administered to the resident again on completion of the
program.
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Study Sample

The study sample consists of 532 male residents who entered the CCC after Janu-
ary 1, 2002, and programmed out of the facility by December 31, 2003. It is a conve-
nience sample based on residents with LSI-Rs available in a newly created central fil-
ing system. Females are excluded from the analysis because a possible gender effect
might alter the findings for the race/ethnicity variable of interest. There are not enough
females in the population to conduct a similar analysis for gender.

Variables

The residents’ risk classification based on their LSI-R score will serve as the inde-
pendent variable. Establishing the cutoff point for classification is an important con-
sideration because the location of the cutoff point will affect the rates of both false
positives and false negatives (Brennan, 1993). The LSI-R manual recommends the
following cutoffs for probation: 16 or higher is maximum risk, 8 to 15 is medium risk,
and 0 to 7 is minimum risk (Andrews & Bonta, 1995, p. 43). The recommended cut-
offs for institutional classification are higher. An LSI-R score of 37 or higher is con-
sidered maximum risk, 25 to 36 is considered medium risk, and 0 to 24 is minimum
risk.

As a residential work release facility, the CCC is somewhere between prison and
probation. More than two thirds of the residents are transitioning out of prison, work-
ing during the day and spending the night in the facility. Others are referred in as a con-
dition of probation, sometimes as a last stop before being sent to prison. The analysis
will investigate two different cutoff points, 16 and 25, to assess the extent to which the
chosen cutoff point affects the rates of over- and underclassifications and whether the
cutoff point affects racial/ethnic differences in those rates.

Selecting the appropriate program performance measure to be predicted by the
classification instrument is a similarly important consideration for this type of analysis
because the base rate of the performance measure can influence the level of false posi-
tive (overclassification) or false negative (underclassification) errors.

The base rate is critical because it governs the predictive efficiency of any risk assessment
device. As a base rate deviates from 50%, and comes closer to 0, predictive efficiency is
more difficult to achieve . . . . Very frequent, or very infrequent, events will be predicted
with more errors. Rare events incur more false positive errors, whereas common events
incur more false negatives. (Brennan, 1993, p. 51)

This study, therefore, will utilize two different performance measures to test for classi-
fication errors: program outcome and in-program disciplinary incidents. Residents
leave the CCC with a variety of outcome types. For the study, program outcome has
been coded into two possible outcomes: unsuccessful termination or successful com-
pletion. Unsuccessful termination occurs when a resident fails to complete the terms
of the program because of rearrest, disciplinary revocation, or escape. Successful
completion occurs when the resident completes the terms of the program before leav-
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ing the CCC. Approximately 2% of the CCC population have a neutral outcome, such
as a medical transfer. Residents with a neutral outcome are not included in the study
sample.

There is a low base rate of program failures. Only 11% of the sample unsuccess-
fully terminated from the CCC the program. Consequently, a second outcome mea-
sure with a higher base rate, disciplinary incidents, will be used in addition to program
outcome.

A disciplinary incident involves a resident’s breaking a rule of the CCC. When
informal resolution of the incident is not feasible, the incident goes for a hearing
before a discipline hearing committee. There is a hearing, and the discipline commit-
tee makes a recommendation. The most common disciplinary incident is returning late
to the CCC. This accounts for more than 40% of the disciplinary incidents. Other inci-
dents include alcohol and drug use infractions, failure to pay subsistence or report
earnings, or failure to phone the center before curfew while on day release. About 33%
of the residents in the sample (n = 92) incurred at least one disciplinary incident. This
is also measured as a dichotomous variable: incident or no incident.

Following Brennan’s (1993) example, the results are analyzed with a simple 2 × 2
contingency table comparing the dichotomous outcome variables with the dichoto-
mous risk classification. To test for racial/ethnic differences in the error types, the
results are presented separately for three race/ethnic groups: African American
(52.4% of the sample, n = 279), Caucasian (33.3%, n = 177), and Hispanic (14.3%, n =
76). Asians and Native Americans are not included in the study sample because their
small numbers preclude statistical analysis.

Results

Table 1 presents a contingency table comparing predicted risk with actual program
success or failure for the 25 or higher risk cutoff. The 25 or higher risk cutoff predicted
the correct outcomes for 78.9% of African Americans, 87.0% of Caucasians, and
86.8% of Hispanics. African Americans were slightly more likely to be overclassified
than were either Caucasians or Hispanics (12.2% vs. 9.0% and 7.9%, respectively).
Interestingly, African Americans were also more likely to be underclassified than
were Caucasians or Hispanics (9.0% vs. 4.0% and 5.3%, respectively).

Table 2 presents a contingency table comparing predicted risk with disciplinary
incidents for the 25 or higher risk cutoff. The 25 or higher risk cutoff accurately cate-
gorized for disciplinary incidents for 60.2% of African Americans, 86.4% of Cauca-
sians, and 83.3% of Hispanics. Both African Americans and Caucasians were more
likely to be overclassified than were Hispanics (7.2% and 6.8% vs. 2.6%, respec-
tively). African Americans were also much more likely to be underclassified than
were Caucasians or Hispanics (32.6% vs. 18.1% and 25.0%, respectively).

Table 3 presents a contingency table comparing predicted risk with actual program
success or failure for the 16 or higher risk cutoff. The 16 or higher risk cutoff predicted
the correct outcomes for 55.2% of African Americans, 70.1% of Caucasians, and
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75.0% of Hispanics. The decrease in accuracy is to be expected because the lower cut-
off point of 16 or higher should result in a much higher rate of false positives for all
three groups. The change, however, did not affect all three racial groups equally. At the
16 or higher cutoff, African Americans were substantially more likely to be
overclassified than were either Caucasians or Hispanics (42.7% vs. 27.7% and 25.0%,
respectively). With the lower cutoff, false negatives practically disappeared for all
three groups.

Table 4 presents a contingency table comparing predicted risk with disciplinary
incidents for the 16 or higher risk cutoff. The 16 or higher risk cutoff accurately cate-
gorized for disciplinary incidents for 58.1% of African Americans, 69.5% of Cauca-
sians, and 68.4% of Hispanics. Again, African Americans were more likely to be
overclassified by the 16 or higher cutoff than were Caucasians and Hispanics (26.9%
vs. 19.8% and 15.8%, respectively). Both African Americans and Hispanics were
more likely to be underclassified than were Caucasians (15.1% and 15.8% vs. 10.7%,
respectively).

336 Criminal Justice Policy Review

Table 1
Level of Service Inventory–Revised (LSI-R) Score
25 or More Predicted Risk and Program Outcome

Predicted Risk

High Risk Low Risk
(LSI-R ≥ 25) (LSI-R < 25)

True Positive False Negative
(Positive Hit) (Underclassification Error)

% n % n

Unsuccessful program outcome
African American 3.9 11 9.0 25
Caucasian 2.3 4 4.0 7
Hispanic 1.3 1 5.3 4

False Positive True Negative
(Overclassification Error) (Negative Hit)

% n % n

Successful program completion
African American 12.2 34 74.9 209
Caucasian 9.0 16 84.7 150
Hispanic 7.9 6 85.5 65

Source: Adapted from Brennan (1993, p. 49).
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Discussion

All things have their function; it is a matter of use in the appropriate situation. (Shih-t’ou)

First, these findings must be considered in light of a few caveats. It is a convenience
sample gleaned from a new central file of completed resident LSI-Rs. An earlier analy-
sis (not shown) established that the study sample is representative (in demographics
and outcome types) of the larger population from which it was drawn. As mentioned,
the low base rate (11%) of unsuccessful outcomes also limits the analysis. Finally,
some case managers have been resistant to administering and working with the LSI-R
(Whiteacre, 2004), which could affect the reliability of their scoring.

Nevertheless, the findings do raise a number of important issues for the use of clas-
sification instruments in corrections. Foremost, the results suggest that one cannot
simply state that a classification instrument is or is not biased. Any evaluation of a
classification instrument must consider how that instrument is used in practice at a
specific institution or program. This includes a consideration of what behaviors the
instrument is being used to predict, how the cutoff scores and risk groups are assigned,
and whether there is a pattern of differential error rates based on race, gender, or
ethnicity.
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Table 2
Level of Service Inventory–Revised (LSI-R)

25 or More Predicted Risk and Disciplinary Incidents

Predicted Risk

High Risk Low Risk
(LSI-R ≥ 25) (LSI-R < 25)

True Positive False Negative
(Positive Hit) (Underclassification Error)

% n % n

At least one disciplinary incident
African American 9.0 25 32.6 91
Caucasian 4.5 8 18.1 32
Hispanic 6.6 5 25.0 19

False Positive True Negative
(Overclassification Error) (Negative Hit)

% n % n

No disciplinary incidents
African American 7.2 20 51.3 143
Caucasian 6.8 12 70.6 125
Hispanic 2.6 2 65.8 50
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In this study, for example, the types and rates of classification errors proved
dependent on both the choice of the cutoff score and the performance measure to be
predicted. At the 16 or higher cutoff score, African Americans were substantially
more likely to be overclassified than were either Caucasians or Hispanics for program
outcome. Overclassification differences were smaller for disciplinary incidents,
though they did follow the same pattern. At the 25 or higher cutoff score, however,
there was a smaller difference in overclassification between African Americans and
Caucasians (both were overclassified somewhat more than were Hispanics) for pro-
gram outcome. African Americans were much more likely to be underclassified than
were Caucasians or Hispanics when predicting disciplinary incidents.

Although types of classification errors did indeed vary by cutoff and performance
measure, there emerged, nevertheless, a consistent overall trend toward more classifi-
cation errors for African Americans than for Caucasians and Hispanics. The overall
tendency toward racial differences in the rates of over- and underclassification errors
obviously raises the specter of potential problems and highlights the responsibility of
all correctional facilities to validate their own classification instruments. The findings
of this study identify three areas of concern that institutional evaluations of classifica-
tion instruments need to address: (a) the appropriate cutoff score, (b) the appropriate
outcome measure, and (c) the purpose of the instrument within the broader classifi-
cation system.
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Table 3
Level of Service Inventory–Revised (LSI-R) Score
16 or More Predicted Risk and Program Outcome

Predicted Risk

High Risk Low Risk
(LSI-R ≥ 16) (LSI-R < 16)

True Positive False Negative
(Positive Hit) (Underclassification Error)

% n % n

Unsuccessful program outcome
African American 10.8 30 2.2 6
Caucasian 4.0 7 2.3 4
Hispanic 6.6 5 0.0 0

False Positive True Negative
(Overclassification Error) (Negative Hit)

% n % n

Successful program completion
African American 42.7 119 44.4 124
Caucasian 27.7 49 66.1 117
Hispanic 25.0 19 68.4 52
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Cutoff Score

In the manual for the LSI-R, Andrews and Bonta (1995) caution, “The choice of
cut-off score to use to determine security and supervision classification depends on a
number of considerations including purpose, setting, and relative importance of ‘false
positives’ and ‘false negatives’” (p. 43). To that list of concerns must be added racial/
ethnic equity, as the findings presented here indicate that racial differences in classifi-
cation errors can hinge on the chosen cutoff points.

Both cutoff scores chosen for this study are equally valid for the CCC where the
study took place. The CCC is somewhere between prison and probation, serving some
residents transitioning out of prison to probation and some on probation possibly on
their way to prison. The results of this study, however, suggest the use of the 25 or
higher cutoff score at this facility to reduce the disparity in overclassification errors
between races/ethnicities.

Each facility utilizing an offender classification system must decide the most
appropriate cutoff score for that specific facility. Unfortunately, facility administrators
often simply implement an instrument without ever conducting the necessary follow-
up analyses to ensure the instrument performs validly for their population (Austin,
1986; Wright et al., 1984). Because cutoff scores might affect the racial distribution of
the classification errors, administrators have a responsibility to perform localized vali-
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Table 4
Level of Service Inventory–Revised (LSI-R) Score

16 or More Predicted Risk and Disciplinary Incidents

Predicted Risk

High Risk Low Risk
(LSI-R ≥ 16) (LSI-R < 16)

True Positive False Negative
(Positive Hit) (Underclassification Error)

% n % n

At least one disciplinary incident
African American 26.5 74 15.1 42
Caucasian 11.9 21 10.7 19
Hispanic 15.8 12 15.8 12

False Positive True Negative
(Overclassification Error) (Negative Hit)

% n % n

No disciplinary incidents
African American 26.9 75 31.5 88
Caucasian 19.8 35 57.6 102
Hispanic 15.8 12 52.6 40
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dation studies of their instrument to identify what scores can best ensure racial/ethnic
parity in classification errors for their specific population.

Outcome Measures

The accuracy of an instrument’s cutoff point is the product of its interaction with
different possible performance measures. Correctional facilities need to identify
exactly what outcome(s) the classification instrument is meant to predict. Is the instru-
ment supposed to predict violent crimes or any recidivism, relapse, or any disciplinary
problems, such as being late?

Programmatic Response

Finally, what does a high-risk score even mean in terms of program operations?
What, for example, is the appropriate response to a high-risk categorization in a half-
way house? A potential bias in an instrument’s scores does not necessarily mean that a
classification system is biased. A correctional facility’s classification system consists
not only of the instrument scores but also the subsequent decisions based on those
scores, including privileges granted, services rendered, and freedoms withheld. This
is especially pertinent to an instrument such as the LSI-R that measures both risk and
need, two related but distinct concepts. To be biased in effect, the scores must actually
result in programmatic decisions and/or policies that treat residents differently. A
number by itself is not biased per se if it does not result in any differential treatment.

Predicting risk is only one purpose of the LSI-R, and, in fact, it is not meant to be
the primary purpose for many facilities that use it. At the CCC under study, for exam-
ple, the only purpose of the LSI-R has been to assess needs. Insofar as this purpose is
followed, assessment should actually result in higher levels of service provision to
those with inflated scores rather than greater restrictions. Overclassifying need can
have very different practical consequences than overclassifying risk.

In response to the tendency of risk assessment tools to overclassify women, Fowler
(1993), following Burke and Adams (1991), writes, “It seems, then, that the general
thrust of improvement in women’s classification is not in the development of better,
more specifically women-oriented risk classification tools, but in an approach to clas-
sification that supports an emphasis on rehabilitation [italics added]” (p. 42). In prac-
tice, then, using an instrument to assess needs rather than risk should lead to more
preferential treatment for individuals with higher scores (to whatever extent that being
the object of these extra resources—e.g., time, consideration, treatment—can be
considered preferential).

In such circumstances, a bias toward underclassification would actually pose a
greater problem than would overclassification. If, as in this study, certain racial or eth-
nic groups have a higher rate of underclassification, they will be less likely to receive
needed services. This underscores the need for an analysis of a classification instru-
ment to first consider why an instrument is being used when investigating the potential
for bias in classification error.
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Conclusion

The use of empirically based offender assessment or classification instruments as a
component of correctional program operations is growing, and this has raised con-
cerns among some observers regarding the potential for the overclassification of poor
and minority offenders. The fairness or validity of any classification instrument, how-
ever, is not a simple either-or issue. The institution or program within which the instru-
ment is used plays a significant role in determining whether it will be biased or not. A
classification instrument’s validity is the product of an interaction between three
locally defined factors: (a) the chosen cutoff score, (b) the outcome measure to be pre-
dicted, and (c) the purpose of the instrument within the broader classification system.

This study used contingency tables to test for racial/ethnic differences in prediction
errors for two different LSI-R classification scores used to predict two different pro-
gram performance measures for 532 residents of a large federal work release facility.
The results indicated an overall tendency toward more classification errors for African
Americans than for either Caucasians or Hispanics, raising an important concern
regarding the use of the instrument for classification.

These findings suggest that correctional facilities using classification instruments
bear a responsibility to conduct local validation studies to ensure the current use of
their instrument does not produce differential rates of classification errors for dif-
ferent racial or ethnic groups. Differences in rates of classification error can result in
differential provision of treatment or loss of freedom or both. The contingency table
analysis presented in this study provides an easy and practical model for correctional
administrators to test their instruments.

Note

1. The Level of Supervision Inventory was later revised, and the name was eventually changed to the
Level of Service Inventory–Revised.
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