
Managing, Analyzing,
and Interpreting Data

Once the researcher has settled on a strategy, chosen a site, selected a sample,
and determined the methods to be adopted for collecting data, she should dis-
cuss how she will record, manage, analyze, and interpret the data. She should

also put forward preliminary ideas for writing up the analysis or representing it in some
other format. At the proposal stage, this discussion can be brief, but it should present
initial strategies for analysis and interpretation. In addition, it should provide the pro-
posal reader with a sense that the data will be recorded efficiently and managed in ways
that allow for easy retrieval. The writer should be prepared to provide examples of how
the methods of data collection and analysis might proceed. Pilot studies or previous
research are excellent sources for such examples.

The section of the proposal on research design should include plans for recording data
in a systematic manner that is appropriate for the genre, the setting, and the partici-
pants, showing how the plans will facilitate analysis. The researcher should demon-
strate an awareness that the techniques for recording observations, interactions, and
interviews will not intrude excessively on the flow of daily events. In some situations,
even taking notes interferes with, inhibits, or, in some way, acts on the setting and the
participants. In the proposal, the researcher should delineate any plans to use tape
recorders, cameras, and other mechanical devices and demonstrate that he will use
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data-recording strategies that fit the setting and the participants’ sensitivities, but only
with the participants’ consent.

The genre of the research will have a bearing on the plans. For example, in the genre
of participatory and action research, the researcher is integrated with the setting.
Because these approaches are fundamentally interactive and include participants quite
fully in framing questions and gathering data, the researcher’s presence is not intrusive.

Whatever the qualitative approach, however, the researcher should cultivate the
habits of labeling audiotapes, carrying extra batteries, and finding quiet places for taking
notes. Such practices will pay off with data that are intact, complete, organized, and
accessible. Imagine the horror of losing a precious three hours of a never-to-be-
recaptured interview just because your batteries failed! And do you want to be one of
those all-but-dissertation students with piles of scarily unorganized, unlabeled data?
Over the years, researchers have developed a variety of data management strategies,
ranging from color and number codings on index cards to computer programs. In the
past, these techniques were mysterious, shared as part of the folklore of fieldwork, and,
rarely, inserted as part of the appendices. Whatever method is devised, it must enable the
researcher to organize and make data easily retrievable and manipulatable. Even if your
routines are as funny as some used by baseball pitchers, if it works for you, just do it!

In more objectivist proposals, researchers may have lists of predetermined
categories for data coding. Relying on such categories does facilitate retrieval and analy-
sis, but to remain true to qualitative research assumptions, the researcher should plan
decision rules for altering those categories during focused analysis. Furthermore, plan-
ning for the coding of notes to keep track of dates, names, titles, attendance at events,
chronologies, descriptions of settings, maps, sociograms, and so on is invaluable. In piec-
ing together patterns, in defining categories for data analysis, planning further data col-
lection, and especially for writing the final product of the research, color coding is a
useful tool. For researchers fascinated with details about the range of coding processes,
see Saldana (2009).

Most introductory texts on qualitative methods provide extended discussions of
the processes of analyzing data. Terminologies for qualitative data analysis include the
following:

• Analytic induction
• Constant comparative method of analysis
• Developing grounded theory
• Template and editing

Through this chapter, we will provide examples that use the varied terminologies
and techniques. The researcher must demonstrate not only knowledge of the terms but
also application of the terms to his own research questions and conceptual frame-
works. He must be able to say things such as “To begin my data coding, I will use the
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conceptual levers listed on page XX of my proposal when I observe YY kinds of behav-
iors.” He must provide examples of how he will generate categories as the coded data
accumulate and he sees patterns. He must speak of how he will create site or case sum-
maries, make comparisons, and try out clusters, hierarchies, networks, linkages,matri-
ces and typologies, data saturation, and search for negative instances so that he will
sound convincing when he speaks of analytic induction.

The process of bringing order, structure, and interpretation to a mass of collected data
is messy, ambiguous, time-consuming, creative, and fascinating. It does not proceed in
a linear fashion; it is not neat. At times, the researcher may feel like an eccentric and tor-
mented artist; not to worry, this is normal! Qualitative data analysis is a search for gen-
eral statements about relationships and underlying themes; it explores and describes
and builds grounded theory (Strauss & Corbin, 1997). As described by Wolcott (1994),
description, analysis, and interpretation—three somewhat distinct activities—are often
bundled into the generic term analysis. He notes,

By no means do I suggest that the three categories—description, analysis, and
interpretation—are mutually exclusive. Nor are lines clearly drawn where descrip-
tion ends and analysis begins, or where analysis becomes interpretation. . . . I do
suggest that identifying and distinguishing among the three may serve a useful
purpose, especially if the categories can be regarded as varying emphases that qual-
itative researchers employ to organize and present data. (p. 11)

Wolcott (2009) even advises his doctoral students to write a tentative table of
contents for the final report in their proposals! Acknowledging that it will be altered, he
views this device as a tool for supporting the massive challenge of moving from proposal
to analysis to writing up. The design section of the research proposal should describe
initial decisions about data analysis and should convince the reader that the
researcher’s knowledge of qualitative analysis encompasses data organization, theme
development and interpretation, and report writing. Although none of these can be
given exhaustive consideration in the proposal itself, the researcher should convince the
reader that thought and awareness have gone into planning the analysis phase of the
study. What follows is a discussion of some considerations the researcher should bring
to this section of the proposal.

Whether the researcher prefigures the analysis before collecting data, begins ana-
lyzing while collecting, or collects first and analyzes later depends on the qualitative
genre and assumptions of the study. If he begins with a literature review on a conceptual
framework that points directly to predetermined categories to use in analysis, he will be
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using a quasi-qualitative approach for testing hypotheses in context. He is not exploring
to understand. His analysis is quite technical, almost statistical. Such focused, tightly
structured, and highly organized data-gathering and data-analyzing schemes are effi-
cient. However, they preclude the opportunity to explore and discover. Also, they often
filter out the unusual and the serendipitous—the puzzle that if attended to and pursued
would require a recasting of the entire research endeavor. Generating categories of data
to collect, like defining cells in a matrix, can be an important focusing activity for the
study. Thus, a balance must be struck between efficiency and design flexibility.

Crabtree and Miller (1992) propose a continuum of analysis strategies (see Figure
8.1), although they note that “nearly as many analysis strategies exist as qualitative
researchers” (p. 17). At the extreme left end of their continuum are technical, scientific,
and standardized strategies in which the researcher has assumed an objectivist stance
relative to the inquiry and has stipulated the categories in advance. At the other end are
the “immersion strategies,” in which categories are not prefigured and which rely heav-
ily on the researcher’s intuitive and interpretive capacities. What they call “template”
and “editing” analysis strategies stand along the continuum, with the template process
more prefigured and stipulative than the editing processes (pp. 17–18). They begin with
a template and gather context-laden data to fill in the contextual details. Still, template
strategies can begin with sets of codes to apply to the data, but they may undergo revi-
sion as the analysis proceeds. Editing strategies, on the other hand, are less prefigured.
“The interpreter engages the text naively, without a template” (p. 20), searching for seg-
ments of text to generate and illustrate categories of meaning. This method is closely
allied with recent writing on grounded theory (Charmaz, 2000, 2005; Harry, Sturges, &
Klingner, 2005; Strauss & Corbin, 1997).

In qualitative studies, data collection and analysis typically go hand in hand to build
a coherent interpretation. The researcher is guided by initial concepts and developing
understandings that she shifts ormodifies as she collects and analyzes the data. Her over-
all strategy is closer to the interpretive/subjectivist end of the continuum than to the
technical/objectivist end. In their classical work—still very useful—Schatzman and
Strauss (1973) portray the process of qualitative data collection and analysis:

Qualitative data are exceedingly complex and not readily convertible into standard
measurable units of objects seen and heard; they vary in level of abstraction, in fre-
quency of occurrence, in relevance to central questions in the research. Also, they
vary in the source or ground from which they are experienced. Our model
researcher starts analyzing very early in the research process. For him, the option
represents an analytic strategy: he needs to analyze as he goes along both to adjust
his observation strategies, shifting some emphasis towards those experiences
which bear upon the development of his understanding, and generally, to exercise
control over his emerging ideas by virtually simultaneous checking or testing of
these ideas. . . . Probably the most fundamental operation in the analysis of quali-
tative data is that of discovering significant classes of things, persons and
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events and the properties which characterize them. In this process, which contin-
ues throughout the research, the analyst gradually comes to reveal his own “is’s”
and “because’s”: he names classes and links one with another, at first with “simple”
statements (propositions) that express the linkages, and continues this process
until his propositions fall into sets, in an ever-increasing density of linkages.
(pp. 108–110)

The researcher should use preliminary research questions and the related litera-
ture developed earlier in the proposal as guidelines for data analysis. This early ground-
ing and planning can be used to suggest several categories by which the data could
initially be coded for subsequent analysis. These are theory-generated codes.

As a coherent interpretation, with related concepts and themes, emerges from the
analysis, troublesome or incomplete data will lead to new collecting and analysis that
will serve to strengthen the interpretation. Interpretation takes shape as major modifi-
cations become rare and concepts fall into established categories and themes. Analysis
will be sufficient when critical categories are defined, relationships between them are
established, and they are integrated into an elegant, credible interpretation.

Typical analytic procedures fall into seven phases: (1) organizing the data, (2) immer-
sion in the data, (3) generating categories and themes, (4) coding the data, (5) offering
interpretations through analytic memos, (6) searching for alternative understandings,
and (7) writing the report or other format for presenting the study. Each phase of data
analysis entails the following: (a) data reduction, as the reams of collected data are
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Figure 8.1 A Continuum of Analysis Strategies
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brought into manageable chunks, and (b) interpretation, as the researcher brings mean-
ing and insight to the words and acts of the participants in the study. At the proposal
stage, the researcher should project what this process will entail, in preliminary ways.
The procedures to be followed, the initial guides for categories, and the potential coding
schemes all indicate to the reader that this crucial phase of the research will be managed
competently.

The interpretive act remains mysterious in both qualitative and quantitative data
analysis. It is a process of bringing meaning to raw, inexpressive data that is necessary,
whether the researcher’s language is standard deviations and means or a rich description
of ordinary events. Raw data have no inherent meaning; the interpretive act brings mean-
ing to those data and displays that meaning to the reader through the written report. As
Patton (2002) notes, “Qualitative analysis transforms data into findings. No formula exists
for that transformation. Guidance, yes. But no recipe. . . . [T]he final destination remains
unique for each inquirer, known only when—and if—arrived at” (p. 432). With this caution
in mind, we offer some general stages to guide the analysis section of the proposal.

Organizing the Data

When beginning analysis, it is important that the researcher should spend some time
organizing the data. The researcher can list on note cards the data that have been gath-
ered, perform the minor editing necessary to make field notes retrievable, and generally
clean up what seems overwhelming and unmanageable. The researcher should also log
the types of data according to the dates and times when, the places where, and the per-
sons with whom they were gathered. This should be done all along, revisiting the “huge
piles” of data periodically. An example is provided Table 8.1.

Nowadays, researchers often enter the data into one of the several software pro-
grams designed for the management or analysis of qualitative data (Richards &
Richards, 1994; Tesch, 1990; Weitzman, 2000; Weitzman & Miles, 1995). (Recall the dis-
cussion in Chapter 7 outlining these examples of software.)

Immersion in the Data

There is no substitute for intimate engagement with your data. Researchers should
think of data as something to cuddle up with, embrace, and get to know better. Reading,
rereading, and reading through the data once more force the researcher to become inti-
mate with the material. People, events, and quotations sift constantly through the
researcher’s mind. As Patton (2002) notes,

The data generated by qualitative methods are voluminous. I have found no way of
preparing students for the sheer mass of information they will find themselves
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confronted with when data collection has ended. Sitting down to make sense out of
pages of interviews and whole files of field notes can be overwhelming. Organizing
and analyzing a mountain of narrative can seem like an impossible task. (p. 440)

He then underscores howmuch of qualitative reporting consists of descriptive data,
the purpose of which is to display the daily events of the phenomenon under study.
Careful attention to how the data are being reduced is necessary throughout the research
endeavor. In some instances, direct transfer onto predeveloped data-recording charts is
appropriate, as with the template strategies. Miles and Huberman (1994) suggest several
schemas for recording qualitative data. Such techniques streamline data management,
help ensure reliability across the efforts of several researchers, and are highly recom-
mended for large, complex studies such as multisite case studies (Yin, 2003). In using
graphics and schemas, however, the researcher should guard against losing the serendip-
itous finding. For researchers relying on editing or immersion strategies, this phase of
data analysis is the most difficult, complex, ambiguous, creative, and fun.

The proposal itself should, at least, provide a listing of likely themes, derived from
the literature review—that is, theory-generated codes. It may also provide codes that will
likely emerge in the real-life data—that is, in vivo codes. For example, in Table 8.2 the
list of themes was generated from a research project that explored how educators could
be social movement activists in spite of their conservative profession. Most themes and
codes were derived from reading social movement theory and research on educators’
careers, but many of them were derived from the researchers’ insider sense of the issues
that would occur in real life.

Often, such themes are displayed in a conceptual framework, aswe showed in Chapter
4, so the researcher is sensitized to the likely relationships among themes andwill see them
in the data. At the same time, they will also be sensitized to exploring to understand when
those expected and hypothesized relationships do not appear in the data.
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Table 8.1 Log of Data-Gathering Activities

Date Place Activity Who What

3/21/05 Fort River
School

Focus group Three teachers—Joe,
Maria, Marcella

Strategies for
including students

3/25/05 Fort River
School

Observation Maria’s classroom—
Amy

Seeing how Amy
does math

3/25/05 Amy’s
home

Interview Amy’s parents Challenges,
supports



Coding the Data

Coding data is the formal representation of analytic thinking. The tough intellectual work
of analysis is in generating categories and themes. The researcher then applies some cod-
ing scheme to those categories and themes and diligently and thoroughlymarks passages
in the data using the codes. Codes may take several forms—abbreviations of key words,
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Table 8.2 Codes From the Activist Educator

Theory-Generated Codes In Vivo Codes

Social movement themes Potential themes likely from first look at
data

Social networks Recruitment into activism versus
inheritance

Adversary: confronting elites, fear of
injury, death, and harm

Educational background/family
background

Identity, vision, or goal: common
purpose

Level of involvement/activities

Collective action, social solidarity Critical events/catalysts

Sustained interaction and mobilization Current political space

Slogans, music, and symbols Resources

Educators’ dilemmas Denial/“closet” activism

Career Public/private activism

Personal Personal/political

Fear of career harm Coming out/owning movement

Fear of backlash Aha moments

Fear of imposing values

SOURCE: Adapted from Marshall and Anderson (2008).



colored dots, numbers—the choice is up to the researcher. The codes come from varied
sources, including the literature review, the actual words and behaviors in the data, and
the creative insight of the researcher. As coding progresses, the researcher sees the ways
in which data/codes group or cluster together and behaviors and sentiments appear con-
comitantly or in some patterned sequence. He may write a memo that is a draft of an
emerging definition of a key concept, with reference to bits of data to illustrate it (e.g., “a
good marriage”). He may write a memo that is a draft of a kind of hierarchy or ordering
that comes from participants’ talk (e.g., “valuable qualities in a spouse”). Gradually, using
both the readings of the data, and the conceptual framework for indications, the
researcher sees how the data function or nest in their context and what varieties appear
and how frequently the different varieties appear. As analysis progresses, he will search
for clusters, starting with a main topic and pulling anything that is related, perhaps see-
ing how some things are subclusters. Ideas about codes can happen just about anytime
and anywhere—in front of the computer, on a dinner napkin at a restaurant, creating
designs in the sand while at the beach, in the shower, and more!

Writing Analytic Memos

In thematic and theoretical memos, the researcher writes his thoughts about how the
data are coming together in clusters or patterns or themes he sees as the data accumu-
late. The original literature review provides stimuli that give some direction to his won-
dering, so some memos may read like this: “I wonder if my data are falling into a pattern
that would be explained somewhat by such and such theory?” or “I think there is an
emerging set of themes that are increasingly evident as I collect my data.”

Throughout the analytic process—the transformational process, according to
Wolcott (1994)—we strongly encourage the researcher to write. Writing notes, reflective
memos, thoughts, and insights is invaluable for generating the unusual insights that
move the analysis from the mundane and obvious to the creative. Several recent scholars
underscore the value of writing early and often throughout the research process, espe-
cially during more focused analysis. For example, in Small-Scale Research, Knight (2002)
begins with a chapter not on designing small-scale research or with an overview of
research methods but on writing. He notes that this chapter is about “the interplay of
writing and thinking from the beginning of the small-scale inquiry . . . writing as a part
of the research process” (p. 1). Private writing andmore public writing are great stimuli—
to foster creativity and push one’s thinking (Knight, 2002; Richardson, 2000; Richardson
& St. Pierre, 2005). As Richardson and St. Pierre (2005) note, “Language is a constitutive
force, creating a particular view of reality and of the Self” (p. 961). So choosing the lan-
guage while writing brings codes to a conceptual level in data analysis. Writing prompts
the analyst to identify categories that subsume a number of initial codes. It helps identify
linkages among coded data. It helps identify gaps and questions in the data. It forces the
analyst to stay thoughtfully immersed in her study, even when pulled away by tempting
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distractions. Distractions—cute dogs wanting a walk, friends suggesting a movie, your
boss—may be useful breaks and may even provide “think time,” but writing provides a
structure for the constant thinking the researcher will be doing as she is propelled for-
ward by the richness and intrigue of her data.

Authors have described specific forms of analytic writing—analytic memos.
Schatzman and Strauss’s (1973) classic suggestions on observational notes, method-
ological notes, theoretical notes, and analytic memos are quite useful, as is Maxwell’s
(1996) discussion of analytic memos. The same kinds of strategies, with different names,
are methodological memos, thematic memos, and theoretical memos (Rossman & Rallis,
2003). By keeping notes about what works (or not) in one’s methods (e.g., “This inter-
view respondent was distracted, so the data are probably incomplete” or “In the next
observations, I will focus on the nurse-practitioners’ caregiving”), the researcher has an
account of design decisions made in the field. By writing thematic memos, he assembles
thoughts about how a story of events, behaviors, or sentiments seems to have meanings,
and he will use these as building blocks in his analysis. With his theoretical memos, he
plays with the ways his theory and the related literature do or do not explain and lend
meaning to his emerging data.

Patton (2002) describes the processes of inductive analysis as “discovering patterns,
themes, and categories in one’s data,” in contrast with deductive analysis, where the
analytic categories are stipulated beforehand “according to an existing framework” (p.
453). The researcher may generate “indigenous typologies” (p. 457) or “analyst-con-
structed typologies” (p. 458) to reflect the understandings expressed by the participants.
Indigenous typologies are those created and expressed by participants and are gener-
ated through analyses of the local use of language.

Generating Categories, Themes,
Typologies, Matrices, and Clusters

Although researchers often devise their own strategies, this phase is best described
through examples. The analytic process demands a heightened awareness of the data, a
focused attention to those data, and an openness to the subtle, tacit undercurrents of
social life. Identifying salient themes, recurring ideas or language, and patterns of belief
that link people and settings together is themost intellectually challenging phase of data
analysis—one that can integrate the entire endeavor. Through the process of question-
ing the data and reflecting on the conceptual framework, the researcher engages the
ideas and the data in significant intellectual work.

Open coding that is related to conceptual categories is the first step. Moving from
that first step happens as the researcher constantly compares her codes of events and
behaviors and words and “soon starts to generate theoretical properties of the category”
(Glaser & Strauss, 1967, p. 106). Thus, data could be sorted for initial coding. A next step
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might be grouping the codes according to conceptual categories that reflect common-
alities among codes—axial coding (Fielding & Lee, 1998; Strauss & Corbin, 1998). The
codes are clustered around points of intersection, or axes.

Another device for analysis is called clustering. Clustering is creative work in which
the researcher creates diagrams of relationships—outlines according to what is most
overarching. He is doing conceptual or situational mapping, playing with construction
pictures of how the data fit together. We say playing because it should be seen as draft-
ing and experimentation. Still, it can lead to preliminary sketches that move along the
analysis.

For editing and immersion strategies, the researcher generates the categories
through prolonged engagement with the data—the text. Many of the categories will be
modifications of concepts derived from her conceptual framework and literature review.
These categories then become buckets or baskets into which segments of text are
placed. As she generates ideas about the interconnections among concepts and cate-
gories from the intensive reading and rereading of her data, her analysis progresses. In
Figure 8.2, we provide one example of themes and categories from a literature review for
a study exploring to understand that identity, family life, schooling, career aspirations,
and marriage were interconnected for British Muslim girls (Basit, 2003). Wanting to
ascertain how British Muslim girls’ aspirations were shaped, Basit’s literature review
helped her devise questions about identity, family life, marriage, social and academic
aspects of schooling, and career aspirations. Gradually, through immersion with her
data, she could see expanded dimensions of these categories. This then could demon-
strate the need to see this complexity, so that future researchers, practitioners, and
policymakers would avoid simplistic assumptions that could blunt opportunities for
these girls.

The process of category generation involves noting patterns evident in the setting
and expressed by participants. As categories of meaning emerge, the researcher
searches for those that have internal convergence and external divergence (Guba, 1978).
That is, the categories should be internally consistent but distinct from one another.
Here, the researcher does not search for the exhaustive and mutually exclusive cate-
gories of the statistician but, instead, identifies the salient, grounded categories of
meaning held by participants in the setting.

Analyst-constructed typologies are those created by the researcher that are
grounded in the data but not necessarily used explicitly by participants. In this case,
the researcher applies a typology to the data. As with all analysis, this process entails
uncovering patterns, themes, and categories, but it may well run the risk of impos-
ing “a world of meaning on the participants that better reflects the observer’s world
than the world under study” (Patton, 2002, pp. 459–460). In a related strategy,
through logical reasoning, classification schemes are crossed with one another
to generate new insights or typologies for further exploration of the data. Usually
presented in matrix format, these cross-classifications suggest holes in the already
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analyzed data, suggesting areas where the data might be logically uncovered. Patton
(2002), however, cautions the researcher not to allow these matrices to lead the
analysis but, instead, to generate sensitizing concepts to guide further explorations:
“It is easy for a matrix to begin to manipulate the data as the analyst is tempted to
force data into categories created by the cross-classification to fill out the matrix
and make it work” (pp. 469–470). An example of a logically constructed matrix is
presented in Figure 8.3.

Any of these devices, and any other creative analytic strategies, can be managed
with the aid of computer programs. For smaller projects, and for more intimate immer-
sion in one’s data, we still like being computer free. As Vignette 21 shows, there was no
choice before computers.
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Figure 8.3 An Empirical Typology of Teacher Roles in Dealing With High School Dropouts
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Vignette 21, above, describes the old-fashioned way ofmanaging thick, complex data.

Computer-Assisted Analysis

No mechanism can replace the mind and creativity of the researcher. Still, computers
can serve as tools. Software programs for data analysis typically rely on abbreviations of
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In her dissertation research on women’s socialization in school administration, Marshall (1979) devel-
oped an efficient process by which data transcription, organization, and analysis were combined in a
single operation. Neither word-processors nor programs for computer-assisted qualitative data man-
agement were available. Now, for those who are technology averse, and for small projects, her process
may still be instructive. Observational notes and prefieldwork mapping of sites or subjects were
recorded on hardback legal pads that could be held in the lap or used on the run. Following each inter-
view, Marshall partially transcribed the field notes of audiotaped conversations, selecting conceptually
intriguing phrases that either connected with previous literature or suggested patterns emerging from
the analysis of previous data.

Preserving the data and meanings on tape and combining the transcription with preliminary
analysis greatly increased the efficiency of data analysis. The researcher’s transcription, done with the
literature review, previous data, and earlier analytic memos in mind, became a useful part of data
analysis and not a mere clerical duty.

Marshall’s data analysis was guided by a conceptual framework and a set of guiding hypotheses.
By trying out conceptual levers such as Goode’s (1960) role strain theory to code interview data reveal-
ing conflicts experienced by women entering male sex-typed careers, she began devising grounded
theory of a career-role strain that included feminine identity and sexuality crises prompted by the
demands of working in a male-normed profession.

Employing constant comparative data analysis, she discovered in her data a period of transition.
During this period, women resist the pull of aspiration, resent the exclusion, get angry about the dou-
ble demands, and yet simultaneously create new ways to fill the roles.

Data collection, management, and analysis went hand in hand. The work of transferring data to
index cards, writing codes on those cards, sorting cards to identify the overlapping categories, and plac-
ing the cards into piles eventually led to identifying more inclusive, overarching, and abstract domains.
Methodological notes, analytic memos, and theoretical notes were used to create case summaries,
charts, and dummy tables, all of which were steps in analysis. This was time-consuming, but it allowed
Marshall to combine the initial transcription with analysis, it avoided the intrusiveness of the computer
program, and it moved the study forward efficiently and without threat to the exploratory value of
qualitative research or to data quality.
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key words for coding. For example, in a dissertation proposal, Tucker (1996) discussed
how she might use the following codes for her data:

TCARE.LIS: Teacher’s caring as demonstrated through listening

TCARE.Q’S: Teacher’s caring as demonstrated through honoring questions

TDIS.RACISMO: Teacher’s disrespect as demonstrated through overt racism

Were she not using software, she might have planned to use differently colored dots
to place on the interview transcripts and field notes or she might have underlined pas-
sages with different colored highlighting pens. Whatever system the researcher plans to
use, he should know that the scheme will undergo changes—coding is not a merely techni-
cal task. As the researcher codes the data, new understandings may well emerge, necessi-
tating changes in the original plan. Computer software can assist with axial coding,
clustering, and writing analytic memos, and it can also help the researcher ask questions
of his coded data. If, in his thematic memo, a researcher develops the thought that “con-
tribution to economic security” is very high in his respondents’ views of the valuable
spouse, he can query his data, perhaps finding that (1) it is true for 44% of the participants
and (2) that there are new questions to ask about the other 56%. Thismay lead to neat new
avenues of inquiry in the analysis or even to new data collection questions.

Offering Interpretations

As categories and themes are developed and coding is well under way, the researcher
begins a process whereby she offers integrative interpretations of what she has learned.
Often referred to as “telling the story,” interpretation bringsmeaning and coherence to the
themes, patterns, and categories, developing linkages and a story line that makes sense
and is engaging to read. As Patton notes (2002), “Interpretation means attaching signifi-
cance to what was found, making sense of the findings, offering explanations, drawing
conclusions, extrapolating lessons, making inferences, considering meanings, and other-
wise imposing order” (p. 480). Part of this phase is concerned with evaluating the data for
their usefulness and centrality. The researcher should select the most useful data seg-
ments to support the emerging story to illuminate the questions being explored and to
decide how they are central to the story that is unfolding about the social phenomenon.
Eventually, these may become the section of final reports, as we will show in Chapter 10.

Searching for Alternative Understandings

What if the descriptions, inferences, interpretations, and explanations are nothing but
exactly what the researcher set out to find? How do the processes of data management
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and data quality assessment guard against this? Scrupulous qualitative researchers are
on guard from the beginning, having been explicit about their voice, their biases, and
how their identities have shaped their research questions. This caution, then, guides the
researcher during his data analysis. Our scrupulous researcher is scrutinizing his data
and his field notes, checking where data were undermined by a faulty approach, a less
than forthcoming participant, and his early mistakes in the field. He looks suspiciously
at his own observations, asking where he might have applied his own biases and inter-
pretations instead of those generated from the actual behaviors, interactions, words,
and sentiments of his participants.

As the researcher develops categories and themes, with her use of coding well
under way, with numerous analytic memos written that summarize key “chunks” of the
findings, she is constantly evaluating the plausibility of her developing understandings.
She is constantly searching through the data. She is constantly challenging the very
explanations and interpretations that she is putting forward. We have used terms such
as analytic induction, constant comparative analysis, and building grounded theory. That
is what our researcher is doing here. She is writing case summaries. She is comparing
the viability of themes and explanations, checking them against the data she has, and
seeing whether she needs to collect more or different data. She is comparing her emerg-
ing themes and explanations with those in her literature review and looking for any new
variations or surprises. She is playing with creating matrices, clusters, and hierarchies
with the goal of constructing a credible explanation that provides significant knowledge
from her new study. She is reviewing her original conceptual framework and guiding
hypotheses with great curiosity about the ways in which her own new data and analy-
ses fit, and do not fit, with her earlier premises. These are the activities of the scrupulous
yet creative qualitative researcher—that is, doing constant comparative analysis and
analytic induction and also constructing grounded theory. She notices when she sees or
hears the same patterns repetitively, and so she senses that little more can be gained by
further data collection, since there is saturation of data (Saumure & Given, 2008). She
then tests the themes, typologies, and patterns as she searches in her data for negative
instances of the patterns. This may lead to new data collection. Just as likely, it will lead
to refinement of her analysis as she incorporates the negative instances into expanded
constructs, as necessary.

We used to speak of theoretical saturation as meaning the sense that any addi-
tional data collection will only result in more of the same findings. Dey (1999) calls sat-
uration an “unfortunate metaphor” (p. 257), suggesting that we now should speak of
theoretical sufficiency, whereby we have categories well described by and fitting with
our data. This acknowledges the fact that we can never know everything and that there
is never one complete Truth.

As the researcher discovers categories and patterns in the data, he should engage
in critically challenging the very patterns that seem so apparent. He should search for
other plausible explanations for these data and the linkages among them. Alternative
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explanations always exist, and the researcher must identify and describe them and then
demonstrate how the explanation that he offers is the most plausible. This recalls the
discussion in Chapter 1 concerning the proposal as an argument that offers assertions
about the data, provides substantial evidence for those assertions, builds a logical inter-
relationship among them, and finally presents a summation of how the assertions relate
to previous and future research.

We have discussed earlier, especially in Chapters 3 and 5, the ways to design a qual-
itative study so that it is credible and so that the study progresses to zero in on the find-
ings. Over the decades, in their search for ways to decide whether their research is
complete and credible, qualitative researchers have developed useful terms and strate-
gies. Some of these strategies are triangulation, member checking, peer debriefing,
intercoder reliability, audit trails, and theoretical sufficiency.

Triangulation, discussed earlier in Chapters 3 and 5, needs to be built into the setup
of data collection, early on. Still, it is projected as a strategy that will help the researcher
assert that her data interpretations are credible. She will have ways of showing that she
got the participants’ real views and authentic behavior.

In member checking, the researcher devises a way to ask the participants whether
he “got it right.” Most often, he gives summaries before writing up his study and asks for
reactions, corrections, and further insights.

In peer debriefing, the researcher makes arrangements with knowledgeable and
available colleagues to get reactions to the coding, the case summaries, the analyticmemos
written during data analysis, and the next-to-final drafts. Audit trails will be discussed
in more detail in Chapter 9. Briefly, they provide a transparent way to show how data
were collected and managed—to account for all data and for all design decisions made
in the field so that anyone could trace the logic.

Intercoder reliability borrows terminology from quantitative research. As the
researcher begins and proceeds through coding, she develops definitions for each code
and asks “blind” review coders to apply the definitions to data to check for consistency in
meanings and application. She also may uncover interesting nuances of interpretation as
she puzzles over any differences between her coding and her blind coders’ work. In the
next chapter, we discuss more about strategies for managing the voluminous data in
ways that will make the research process transparent and also enhance its credibility.

Numbers Are Useful

Yes, the qualitative researcher can use numbers. First, he may wonder how frequently
themes and categories or patterns appear in the data as he asks himself questions about
his emerging analysis. Numbers serve nicely for identifying frequencies and distribu-
tions. An analysis revealing contribution to economic security is strongly related to
people’s definition of “the good spouse,” and it can be tested and pushed further when
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the researcher asks, “How often and according to what patterns among my population
of participants?” This kind of testing can be used in a qualitative report as long as read-
ers remember that this is quite different from the ways numbers are used in quantita-
tive research. Thus, the report may say, “In this research, the pattern indicated that the
spouses’ economic contribution was much more likely to be reported as valuable by
people with longer marriages. This pattern offers interesting insights for future
research.”

Writing the Report or Representing the Inquiry

Writing about qualitative data cannot be separated from the analytic process, as noted
above in the section on writing analytic memos. In fact, it is central to that process, for
in choosing words to summarize and reflect the complexity of the data, the researcher
is engaging in the interpretive act, lending shape and form—meaning—to mountains of
raw data. Then, in Chapter 10, we revisit the idea that the proposal is an argument that
makes sense and that will gradually lead to writing—to a final product. Many aspects
of data analysis processes are intertwined with managing the research process (see
Chapter 9) and lead logically to the final product (see Chapter 10).

Into the various phases of data analysis and report writing are woven considera-
tions of the soundness, usefulness, and ethical conduct of the qualitative research study.
Some consideration should be given to the value, truthfulness, and soundness of the
study throughout the design of the proposal. Considerations of role, for example, should
address the personal biography of the researcher and how that might shape events and
meanings. In what ways is the research, whether participatory or more objectivist, alter-
ing the flow of daily life? Selection of the setting and sampling of people and behaviors
within that setting should be based on sound reasoning, and a clear rationale should
guide those choices. Chapter 10 continues this discussion of writing, with consideration
of planning for demonstrating the soundness, transparency, and credibility of the pro-
cedures of data analysis.

* * * * *

Previous chapters have brought the researcher through the complex, sometimes
tedious, process of building a design and choosing data collection for the research study.
The design section of the proposal should demonstrate that the researcher is competent
to conduct the research; knowledgeable about the issues, dilemmas, choices, and deci-
sions to bemade in the conduct of the research; and immersed in the literature that pro-
vides guidance for the qualitative methodology and for the particular questions in the
proposal. The research design should be well written and should reveal sensitivity to var-
ious issues, the capacity to be reflective about the nature of inquiry and the substantive
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questions at hand, and willingness to tolerate some ambiguity during the conduct of the
study. These qualities will stand the researcher in good stead over the course of the
research. In addition, however, the researcher should demonstrate some knowledge of
the management of resources in the design of a qualitative study. This is the focus of the
next chapter.
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Dialogue Between Learners

Melanie,

OK, on to the next topic! Gretchen and I were talking yesterday about the “everydayness” of qualitative
research practices. That is, those practices that some would find themost laborious and tedious (i.e., making
sure you have fresh batteries in your recorder, the right notebook for note taking, ink in your pen, etc.). If I’m
obsessive about anything, I suppose it’s these little things. My worst fear is sitting in an interview or focus
group and my recorder runs out of batteries, or reaching the place where the interview is to occur 20minutes
late (or on the wrong day). As a result, I have a drawer full of half-used batteries because I replace them so
often, and I often arrive at my interview sites incredibly early. I suppose I just want to be able to focus on the
task at hand when I’m interviewing, and so on. I mentioned to Gretchen that it was like going on a trip with the
gas tank three fourths empty. I start out on the road, and inevitably my eye begins to fixate a bit on the gas
gauge as I look for signs of it moving toward the red line. I begin to wonder when I should stop, howmuch farther
I can make it. Meanwhile, I miss all the sights and sounds that make up the trip.

OK, admittedly, this might just be me and my strange fear of running out of gas/batteries. However, I do
think that sometimes we talk so earnestly about the philosophy or theory behind qualitative work that we for-
get that there are these everyday events that actually make up the research project. For example, I have ter-
rible handwriting. Yet when I’m taking field notes or conducting interviews I have a tendency to speed up my
writing, to scribble. Not a good thing. There’s nothing worse than returning to your field notes a few hours later
and having to attempt a lengthy translation of your own handwriting. I try to get around this by being very thor-
ough in my preparations, yet there is always something that comes up.

The latest chapter I’ve read, Chapter5, deals quite a bit withwriting up the report (whether it be a dissertation
proposal or otherwise). Of course, towrite the report, you have to knowwhen you’ve finishedcollecting andanalyzing
your data. This is a problem for me. There’s no final answer in qualitative research, it seems like you can keep going
back formore.Whendoyouknowyou’redone?Sometimes Iworrythatmy fearof actuallywritingthe reportwill keep
me in thedata collection/analysis stage forever! I suppose I’ll need to jumpoff that bridgewhen I cometo it . . .

Hope things are well with you. Enjoy the weekend,

Aaron
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Hi Aaron,

So, back after a weekend reprieve. I can’t argue with much that you said in your last e-mail. There are so many
little tasks to take into account before an interview, for example, that the tasks overwhelm the actual purpose
of the interview! My handwriting falls apart during an interview, too—thank goodness for my little digital
recorder.

To me, the everydayness is the result of detail-oriented work. I double-check my supplies before I go teach
a class; I scribble illegible notes while I’m skimming journal articles; I obsess about asking worthless questions
before a job interview. Attention to detail has to play a part in the research process, or we would missmuch of
the research we’re trying to collect! There’s a fine line, as you point out, between obsession and natural cau-
tiousness—the battery thing does hinge on obsession—but that obsessive tendencymay save us later down
the road when we come up against questions in the analysis and can actually refer to our notes or our carefully
transcribed interview to find the answer.

As for knowing when we’re finished, I think you have to put your best effort forward but recognize that it’s
always a process. One of my professors really helped me with this when he reminded me that the data are
always mine and I can always return to them with a fresh approach, a new idea, and/or a different lens. One of
the reasons I’m drawn to qualitative research is the ability to present an answer instead of the one answer—
so that gives me permission to move on, knowing that my research isn’t a one-way trip.

Thanks bunches—must plan my lesson for tomorrow!

Melanie
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